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I Abstract |

The paper suggests new housing price index prediction model reflecting model uncertainty and
improving information loss arise from Frequentists approach by using Bayesian Model Selection(BMS)
and Bayesian Model Averaging(BMA) that are based on Bayesian approach, We used 11 variables
including macroeconomic variables and regional variables of Seoul and Busan from 1st quarter of
2007 to 4th quarter of 2010, and found out that Seoul’s best model consists of fluctuation of land
price(Seoul), consumer price index, market interest, mortgage rate, and CD rate, and Busan’s best
model consists of nominal GDP, In addition, we derived top ranked model with Occam’s Window,
With selected models and AR model, we predicted housing trade price index from 1st quarter of
2011 to 4th quarter of 2014 and both BMS and BMA showed better performance in prediction than
AR,
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EMA] Occam’s Window 1&H7| Zxt
ofm= N ey
wy ek 2 B S Az as cop aop OLF 00 lomeral oy gy | Qocas
a7 el I 1 it Ll D i

1 10 0 0 0 0 0 0 1 0 0 0 0 0.2424471 *
2 94 0 0 0 1 0 0 1 0 1 0 0 0.08691029

3 56 0 0 0 0 1 0 1 0 1 1 0 0.04925425

4 50 0 0 0 0 1 0 1 0 0 0 0 0.03341011

5 90 0 0 0 1 0 0 1 0 0 0 0 002969107

6 30 0 0 0 0 0 1 1 0 0 0 0 0.01918778

7 448 1 0 0 0 1 0 0 1 0 0 0 0.0167098 *
8 95 0 0 0 1 0 0 0 1 0 1 0.01400002

9 14 0 0 0 0 0 0 1 0 1 0 0 0.01392349

10 Of4 0 0 0 1 1 1 1 0 1 0 0 0.01382742

11 110 0 0 1 0 0 0 1 0 0 0 0 0.01369924

12 18 0 0 0 0 0 0 1 1 0 0 0 0.01148302




